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Inverse Problems in Science and Engineering, 17 (2009) 365-380.

[766] S.F. Lauber, Advanced Numerical and Experimental Beam Dynamics Investigations for the CW-Heavy Ion Linac HElmholtz
LInear ACcelerator, Ph.D. Thesis, Johannes Gutenberg-Universität in Mainz, Germany (2022).

[767] P.G. Lauwers, Multiscale methods for computing propagators in lattice gauge theory, in: Multigrid Methods IV, ISNM
International Series of Numerical Mathematics, Vol. 116, Springer, 1994, pp. 57-76.

[768] P.G. Lauwers, Multiscale Monte Carlo algorithms in statistical mechanics and quantum field theory, in: Multigrid Methods
III, Numerical Mathematics, 98, Springer, 1991, pp. 61-82.

[769] P.G. Lauwers, R. Ben-Av and S. Solomon, Inverting the Dirac matrix for SU(2) lattice Gauge-theory by means of parallel
transported multigrid, Nuclear Physics B, 374 (1992) 249-259.

[770] P.G. Lauwers and T. Wittlich, Inversion of the fermion matrix in lattice QCD by means of parallel-transported multigrid
(PTMG), International Journal of Modern Physics and Computers, 4 (3) (1993) 609-620.

[771] P.G. Lauwers and T. Wittlich, Parallel-transported multigrid (PTMG) for inverting the Dirac-operator in SU(3) lattice
gauge theory, Nuclear Physics B —Proceedings Supplements, 30 (1993), 261—264.

[772] K.J.H. Law and V. Zankin, Sparse online variational Bayesian regression, arXiv:2102.12261v1 (2021).

[773] K. Layton, Advances in Magnetic Resonance Imaging Using Statistical Signal Processing, Ph.D. Thesis, University of
Melbourne, Australia, 2013.

[774] R.K. Leary and P.A. Midgley, Electron tomography in material science, in: P.W. Hawkes, J.C.H. Spence (Eds.), Springer
Handbook of Microscopy, Springer 2019, pp. 1279-1329.

[775] J.K. Lee, F. Kamalabadi, J.J. Makela, Localized three-dimensional ionospheric tomography with GPS ground receiver
measurements, Radio Science, 42 (2007) Issue 4. DOI: 10.1029/2006RS003543

[776] Y.T. Lee and A. Sidford, Effi cient accelerated coordinate descent methods and faster algorithms for solving linear systems,
in: 2013 IEEE 54th Annual Symposium on Foundations of Computer Science (FOCS), Berkeley, 26-29 Oct. 2013, pp.
147-156. DOI 10.1109/FOCS.2013.24, arXiv:1305.1922v1

[777] T. van Leeuwen, Fourier analysis of the CGMN method for solving the Helmholtz equation, arXiv:1210.2644v2 (2013).

[778] T. van Leeuwen, D. Gordon, R. Gordon and F.J. Herrmann, Preconditioning the Helmholtz equation via row-projections,
74th EAGE Conference and Exhibition incorporating EUROPEC 2012. DOI: 10.3997/2214-4609.20148099.

[779] T. van Leeuwen and F.J. Herrmann, 3D frequency-domain seismic inversion with controlled sloppiness, SIAM J. Sci.
Comput., 36 (2014) S192-S217.

[780] Y. Lei and D.-X. Zhou, Learning theory of randomized sparse Kaczmarz method. SIAM Journal on Imaging Sciences, 11
(2018), 547—574.

[781] A. Leitão and M.M. Alves, On Landweber—Kaczmarz methods for regularizing systems of ill-posed equations in Banach
spaces, Inverse Problems, 28 (2012) 104008 (15pp).
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Przegląd Elektrotechniczny, 95 (2019) 115-118.

[1124] T. Rymarczyk, J. Sikora, P. Adamkiewicz and K. Polakowski, Effective ultrasound and radio tomography imaging algorithm
for thre-dimensional problems, 2018 Applications of Electromagnetics in Modern Techniques and Medicine (PTZE), DOI:
10.1109/PTZE.2018.8503259

[1125] T. Rymarczyk, J. Sikora, K. Polakowski and P. Adamkiewicz, Efektywny algorytm obrazowania w tomo-
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