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'Proposed Method h

Our proposed Model Architecture: Reconstructor and Discriminator subnetwork Multi-Synthesis Dynamic Weighting (MSdW)
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Input  Recon. Anomaly Pred. Ground Input  Recon. Anomaly Pred. Ground
image result map  mask Truth image  result map  mask Truth Image-level AUROC/ Per Region Overlap (PRO) score/
mask Pixel-level AUROC Pixel-level Average Precision (Pixel-AP)
Category ~ CutPaste DREM  SSPCAB  RD  NSA DSR Patchcore ~ Qurs Category  CutPaste DREM SSPCAB RD ~ NSA  DSR  Patchcore  Ours
Capet  939/983  969/975 93.1/926 987/989 95.6/955 100.0/955 99.1/990 99.6/994 Carpet 5047- 929765.1 8647486 954/565 850/- /782 955/622 99.8/80.6
Grid 100.0/975  999/99.7  99.7/995 100.0/983 99.9/992 100.0/996 973/987 100.0/99.8 Grid 9L5/-  983/628 98.0/579 942/158 96.8/- -/680 940/245 99.1/710
Leather  100.0/995 100.0/990 98.7/963 100.0/994 99.9/995 100.0/99.6 100.0/99.3 100.0/99.6 Leather 8371- 9141729 940/60.7 9827476 987/- -/62.5 969/453 99.2/68.3
Tile 046/905  100.0/99.2 100.0/994 99.7/957 100.0/993 100.0/982 9937958 100.0/99.5 Tile 44/- 9827952 98.1/9%.1 856/541 953/- -/939 9L3/562 98.3/943
Wood 99.1/955  995/955 984/965 995/958 975/907 963/925 99.6/951 96.8/962 Wood 640/-  903/74.6 928/789 91.4/483 853/- -/684 87.1/493 96.7/749
Average  97.5/963  99.3/982 98.0/969 99.6/976 98.6/968 993/97.1 99.1/976 99.3/989 Average 688/-  954/741 939/684 93.0/445 922/- -/742  93.0/475 98.6/79.
Botle 082/976  980/99.1 956/992 100.0/988 97.7/983 100.0/989 100.0/98.6 100.0/984 Bottle 912/-  968/889 963/894 963/780 929/- -/915 954/768 96.8/86.5
Cable §1.2/900  909/952 927/95.1 96.1/972 945/960 938/967 999/985 957/944 Cable 598/-  81.0/564 804/52.0 94.1/526 899/- -/704 968/67.0 952/66.8
Capsle  982/974  913/88.1 969/902 96.1/987 952/97.6 98.1/954 980/990 99.0/99.1 Capsule 835/- 8271396 925/464 955/472 914/- /533 934/460 959/57.6
Hazelt — 983/973  100.0/99.7 100.0/99.7 100.0/990 947/97.6 956/99.2 100.0/987 989/995 Hazelnut 813/-  985/926 982/934 969/60.7 936/- -/873 909/532 969/874
Metal Nut —~ 99.9/93.1  100.0/99.6 100.0/994 100.0/973 98.7/984 985/937 99.9/983 100.0/989 Metal Nut 544/-  970/97.0 977/947 949/786 946/- -/675 926/866 96.9/893
Pill 049/957  97.1/973 974/972 987/98.1 99.2/985 975/934 975/976 972/973 Pill 83.1/-  884/476 89.6/483 96.7/765 960/- -/657 945/757 936/68.8
Screw §8.7/96.7  987/993 97.8/99.0 97.8/99.7 902/9%5 962/985 982/995 97.5/993 Screw 726/-  950/665 952/617 985/52.1 90.1/- -/525 975/347 99.4/544
Toothbrush ~ 99.4/98.1  100.0/97.3  97.9/973  100.0/99.1 100.0/949 99.7/99.5 100.0/986 99.2/99.3 Toothbrush 88.1/-  856/455 855/393 923/5L1 907/- -/742 9407379 926/625
Tramsistor ~ 96.1/93.0  917/852  88.0/848 955/923 95.1/880 97.8/832 999/965 963/928 Transistor 685/-  704/390 625/38.1 833/541 753/- -/411 923/669 724/492
Zipper 99.9/993  100.0/99. 100.0/984 979/983 99.8/942 100.0/989 99.5/989 100.0/994 Zipper 840/ 068/776 952/764 953/575 892/-  -/785 061/623 98.9/83.0
Average 055/958  96.8/96.0 96.6/960 982/979 965/960 97.7/957 99.3/984 98.4/97.8 Average 767/ - 802/65.1 893/640 944/608 904/- -/682 944/607 934/70.6
TotalAverage  96.1/96.0  97.6/96.7 97.1/963 98.7/978 972/963 982/962 99.2/981 98.7/98.2 TotalAverage 4.1/ - 013/68.1 90.8/655 939/554 910/- -/702 939/563 954/734
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