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Abstract

One of the major barriers to a broader market penetration of solar thermal systems is the few information on their
long-term performance and reliability. Several works have shown a significant mismatch between foreseen and
monitored system performance, mainly due to the lack of an accurate numerical validation analysis or to installation
issues. Thus, it is necessary to implement validation and verification processes in the design of solar thermal systems,
pointing out quantitative indexes on which a comparison between monitored and simulated outputs has to be based.
This work aims to contribute to the discussion, presenting a numerical validation procedure that can be applied and
replicated to any monitored solar thermal system component. In particular, here it is tested to the validation of an
immersed heat exchanger of a water storage tank.

The final comparison between monitored and simulated quantities has shown a very good agreement in terms of
storage fluid temperatures and heat transfer rate, with a difference of less 2% on the energy exchanged during one
exemplary monitoring months.
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1. Introduction

Nowadays, a number of 750 solar thermally driven heating & cooling systems are accounted for, with
an increase of installations around 30%, between 2010 and 2011 [1]. These systems are not economically
attractive yet because of the high investment costs and the relatively few installations set up. In order to
promote their market penetration, several projects at international level [2][3] have been launched,
tackling design, monitoring and long-lasting quality issues.

A key point for guaranteeing the performance of a solar thermal system is the use of verified and
validated numerical models in system simulations; this could (1) promote a more accurate prediction of
system’s behavior under different boundary conditions, (2) quantify the confidence and build credibility in
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numerical models outputs, (3) solve potential problems before installation and finally (4) aid in decision-
making.

A great variety of methods and techniques in numerical model validation have been applied so far in
different scientific fields [4]-[8]. Nevertheless, agreement have not been reached on several issues, such as
the method to be used for comparing real and simulated systems (qualitative or quantitative) or the
amount of data required for the analysis.

The present work aims to contribute in the discussion about numerical model validations. An iterative
validation method is here presented and applied as an example for validating the system components of a
Solar Combi+ system [9]-[10]. A comparison among expected and actual outputs is reported in order to
show the relevance of validation techniques on final energy harvest.

2. Numerical model validation

As a definition, the aim of computer modeling is to replicate the response of real systems under given
boundary conditions and for a given set of system parameters. When numerical simulations are
performed, it is important to have a clue of the accuracy and the confidence of the outputs with respect to
the real performance. The degree of confidence used to state that a numerical model is validated can differ
from case to case. A model confidence of 100% is obviously desirable but in most cases the process lead
to high costs and be very time consuming. A sufficient degree of confidence must be declared by the user,
but a golden rule is not available. For example, in [11] a maximum allowable difference between
predicted and monitored data of 15-25% (on a monthly basis) and 25-35% (on a daily basis) for the
simulation of HVAC systems is recommended, while with respect to the annual or seasonal period, the
simulated outputs should be within 10% and 25%, respectively. Nevertheless, these values should be
discussed case by case, accordingly to the needs or the applications.

The model Verification and Validation (V&V) technique is the whole set of steps and processes, which
guarantee that a sufficient agreement between the numerical model’s and real system’ outputs has been
reached (Fig. 1). An objective function (known also as cost function) is usually used for minimizing the
gap between a given monitored and simulated output [12]. The formulation of this function is crucial and
can greatly affect the credibility and acceptability of V&V outcomes. Typically, the minimization of the
objective function is carried out on a seasonal or yearly basis and so it could happen that on an
instantaneous basis the transient behaviour of a system component is not replicated correctly, even if on
an annual basis a good agreement is found.

Traditionally, methods for measuring the accuracy of computational results in solar thermal
applications have been either qualitative or semi-quantitative (graph comparison, deterministic approach
or mere experimental uncertainty analysis). Arbitrary assumptions can be made along the process and so
the implementation of quantitative V&V methods in this sector would be helpful. The major barrier to
overcome is the lack of a clear quantitative comparison procedure for achieving a satisfying agreement
between simulated and monitored system performance (blue square of Fig. 1): this paper mainly focuses
on this issue.
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Fig. 1. Detailed model development, verification and validation process [6]

3. A proposal for an iterative validation procedure

The method here presented (see Fig. 2) can be applied for the model validation of a generic energy
system when monitoring data and simulation outputs are available. It is an extension of usual V&V
methods [13] obtained by integrating new techniques for a more effective and consistent validation result.

As first step, it is essential to gather all the necessary information of the monitoring system set-up (e.g.
temperature sensor and flow-meter position, acquisition time step). This phase, defined as “Numerical
Model Definition” (see Fig. 2), is essential for defining the outputs and the requirements that the
numerical model has to fulfill.

When a large amount of raw monitoring data are collected, it is important to manage them properly
from statistical/mathematical point of view. Bin Method Analysis (BMA) [14] is here used as the main
technique for data reduction. This technique consists in time-averaging instantaneous monitoring data,
with the aim of reducing the influence of unsteady conditions and deriving a clear understanding of the
system component behavior. For the application here investigated, a period of 5 minutes has been
considered sufficient. The so-arranged data can be further averaged in bins and typical component
performance curves (e.g. efficiency curve, heat transfer coefficient, ...) can be derived. This analysis can
be carried out on raw or post-processed monitoring data, accordingly to the case or the needs. In general,
it can be stated that the larger the number of data, the more consistent the output from the BMA. For sake
of consistency, each bin has to contain a minimum number of data (greater than 10).
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In order to test the adherence of simulations to reality, a phase of “Parameter Identification” (PI) (see
Fig. 2) follows, where monitoring data (temperatures and mass flow rate) are used as boundary conditions
to the simulation models, while simulated and monitored outlets quantities are compared. During the PI,
minor component parameters have been varied within realistic bounds, in order to minimize the objective
function. The historical data period on which carrying out the PI should represent typical working
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conditions of the system component [15].

For the present work, a specific objective function OBJ has been developed (equation 1). It is a
combination of two correlation coefficients based on the simulated (x) and monitored (y) heat transfer
power: the first is known as Pearson product-moment Correlation Coefficient PCC [15] (equation 2) and
the second is known as Theil Inequality Coefficient TIC [13][16][17] (equation 3). The objective function
OBJ is defined in a way that the optimum value has to tend to 0, when PCC and TIC tend to 1 and 0
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Numerical
Model

|

Parameters
Fitting

Comparison

|

BMA

1
Simulated data

Agl ‘?

[
YES

v
Validated

Numerical Model

NO




Matteo D’Antoni et al. / Energy Procedia 30 (2012) 551 — 561 555

OBJ =1-PCC+TIC (1)
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When the PI converges towards the minimum, the maximum agreement has been found. This however,
does not say anything on the accuracy of the model. Therefore, a comparison of the numerical results with
the monitoring data has to be performed on the basis of quantitative performance figures. To this purpose,
a further BMA is made on the simulation outputs. A quantitative comparison among the monitoring and
simulated BMA curves is then performed (“Performance Comparison”, see Fig. 2). If the Root Mean
Square Error (RMSE) value of the curves is within the acceptance criterion defined by the user, then the
validation is accomplished, otherwise the numerical model has to be revised or upgraded. This process is
repeated until an adequate level of agreement is found.

n Y
Zi:l (X y) (4)

n
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TIC= A3)

RMSE =

4. Application of the methodology to a case study

The method has been tested on the validation of an immersed coil heat exchanger (IHX) in a solar
water storage, which is a part of a more complex plant layout [9][10] (Fig. 3). This is a Solar Combi+
system, aiming at covering DHW, space heating and cooling loads typical of residential buildings. A
prototype of the plant is placed in Bolzano (Italy) and it has been monitored since July 2011.

Fig. 3. Solar Combi+ system layout (a) and installation (b)
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The sub-system under investigation (Fig. 4) is made by a solar-thermal field with an aperture area of
32.4 m’, connecting 16 flat-plate collectors in parallel. A mixture of propylene glycol (30%) and water is
used as working fluid. The mass flow rate can vary up to 1300 kg/h, accordingly to the control strategy.
As shown in Fig. 4, the solar-thermal field raises the temperature of the water storage with a capacity of
500 liters. An immersed heat exchanger is used for transferring the collected solar energy to the water
tank, while a direct port is adopted for extracting a variable mass flow m, 4. The geometrical parameters
provided by the water storage manufacturer are listed in Table 1.

Tload,out

/—f_—\H Mygq
Tcoll,out Thx,in v

o\
Gtota Tamb Tst 1

m..
rim _
Tcoll,in P Thx,out Tst,2 + Tload,m
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~_

Fig. 4. Solar system under investigation

Table 1. Geometrical characteristics of solar water storage

Value
Capacity [1] 500
External diameter [mm] 650
Height [mm] 1545
Insulation thickness [mm] 50

Temperature sensors positions [-]  0.87—0.13
Heat exchanger
Inlet position [-] 0.83
Outlet position [-] 0.13
Volume [1] 42.6
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5. Analysis of the heat exchanger

In general, one of the major issues in validating the storage components is the definition of the overall
heat exchange coefficient UAy, of an IHX [18][19]. In general it is a space-time-variant parameter, which
depends from on the working conditions (mass flow rate and/or temperature). These dependencies can be
quantified performing laboratory tests accordingly to the European standard EN 12977-4 [20]. In most
cases, when tests are performed, the results are not always publically available, because manufactures
prefer to show the amount of delivered energy at a given fluid temperature and for a given degree of
stratification in the storage. Thus, a procedure for quantifying the actual UA-value of the heat exchanger
from in-situ data is very useful.

In this work, the numerical simulation of the solar water storage have been carried out by using the
Type 340 [21] of Trnsys simulation software [22]. It permits to simulate stratified fluid storage tanks with
direct ports for charging/discharging purposes and different configurations of immersed coil heat
exchangers. A fully mixed or stratified storage can be chosen by setting the number of internal nodes ny,
in which the storage is divided: the greater the number, the better the accuracy, but the higher the
computational effort.

In Type 340 an empirical relationship (equation 5) is used to quantify the UA-value.

UAhX _ U_Ahx

ny

th,in +3

. bhx,}
- by 3 St’J:| Wlth_] =1,.., Ny, ®)

hx2 |
. th TMmy, [ghx,in - Sst,j ’
ny

X X

From a physical point of view, the overall heat transfer coefficient UA,, is based on three heat transfer
resistance in series: (1) the heat transfer resistance between the inner IHX fluid and the pipe wall (forced
convection), (2) the conductive heat transfer within pipe wall and the heat transfer between the outer IHX
pipe and (3) the storage fluid (natural convection). Because of the high-conductive material of immersed

coil, the heat transfer resistance through the coil wall is assumed to be negligible, so that the final UA,
calculation will result from the following equation.

1 1 1

= + (6)
UAhx UAhx,int UAhx,cxt

The internal heat transfer coefficient UA, ;, is mainly influenced by the Reynolds number Re (by the
mass-flow rate), while the external heat transfer coefficient UAy, ¢ by the Grashof number Gr (by the
temperature difference between the pipe wall and storage fluid).

Referring to the notation shown in Fig. 4, the influence of the mass-flow rate on the overall heat
transfer coefficient UAy, can be derived from monitoring data and by highlighting the following
relationship:

_ th

" LMTD )

hx

where:

th = Iillhxcp,g (Thx,out - Thx,in ) (8)
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The calculation of the LMTD has been made by assuming as heat exchanger hot side the IHX fluid,
while as cold side the storage fluid. The position of the temperature sensors Ty ; and T, into the storage
tank is such that they can be used as cold outlet and inlet section, respectively.

(Thx,in - Tst,2 )_ (’_I%Tt,l - Thx,out) (9)

st,2

LMTD=

Thx,in
In————=>>=
Tst,l - Thx,out

For sake of clarity, equation 5 can be manipulated by using a logarithmic notation as follows:
logUA,, = 10gU_Ahx + by -logmy, (10)

This dependency has been shown in Fig. 5, where the BMA curve has been derived on monitored data.
This analysis have been conducted on approximately 17400 points, which have been time-averaged on 5
minutes (blue dots). From these a BMA curve (red curve) have been derived and then fitted with a linear
regression. .

The correlation has been used in PI analysis, by setting UAnx= 10*°*' = 3882 W/K and b1 =
0.9102. This permitted to reduce the number of free parameters investigated during the PI, limiting the
analysis to Fyy, bpy» and by 3, with the consequence of reducing the computational effort.
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Fig. 5. BMA curve on monitored data
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The results derived from the PI have been used in simulations and a quantitative comparison have
been performed. The quantitative comparison between the two BMA curves of UA;, showed a RMSE
value of 1%, therefore it is not reported on the chart Fig. 5 because it can not be distinguished. The V&V
procedure has reached a very good agreement in terms of istantaneous temperature profiles and heat
transfer rates between simulated and monitored outputs. This is shown in Fig. 6 and Fig. 7 where both
quantities have been graphed (1 minute time step) for the measured conditions of the 18" December 2011.
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Fig. 6. Comparison between monitored and simulated profiles of @, , and @, (1 8" of December 2011)
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Fig. 7. Comparison between monitored and simulated profiles of storage temperature sensors (T, and Ty») and outlet fluid
temperature from IHX (Thy ou) (18" of December 2011)
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On a 30-days period (December 2011), the energy measured by the monitoring system from the solar
field to the water storage was 565.02 kWh, while the simulated value differed less than 2% (Table 2). The
same calculation have been performed on the energy transferred from the water storage to other system
processes: here the discrepancy is a little higher but however always within acceptability limits.

Table 2. Comparison between validated numerical model and monitoring data in terms of energy transferred over 30-days period
(December 2011) length

Monitoring Simulation AQ [%]
Qux [kWh] 565.02 555.95 -1.6
Qioad [KWh] 508.94 483.25 -5.0

6. Conclusions

Validation and Verification (V&V) techniques are essential measures to ensure consistency of design
performance of solar thermal systems. These activities permits a better confidence and reliability on
expected behavior under different boundary conditions, leading to a better market penetration of solar
renewable technologies.

The work has presented a procedure for validating system components used in numerical simulations.
The method has been applied to the validation of an immersed heat exchanger of a water thermal storage.
Bin Method Analysis [4] has been used as main data reduction technique: it has permitted to derive
typical system performance curves from monitoring data or from system numerical simulation outputs. A
Parameter Identification (PI) [12] technique has been used for tuning minor component coefficients, by
means of minimizing a user-defined objective function. A quantitative comparison in terms of Root Mean
Square Error (RSME) between BMA curves based on simulation and monitoring outcomes permitted to
guarantee that an adequate agreement has been achieved. In other cases, the process must be repeated
until adequate agreement is not found by modifying the numerical model.

Even if a very good agreement has been found between real and simulated values (a divergence of 2%
and 5% on the energy transferred by the IHX and the direct port), there are still several aspects to be more
accurately addressed, in particular (1) the definition of the minimum monitoring period length on which
the BMA curve has to be calculated from monitoring data; (2) the formulation of the most appropriate
objective function to be used in the PI, its influence on converging to the optimum configuration and the
monitoring quantity (e.g. heat transfer rate, temperature) to be used for the comparison; (3) the minimum
simulation period on which the PI is carried out and its influence on converging to the optimum
configuration.

References

[1] Mugnier D., Jakob U. Keeping Cool with the Sun. International Sustainable Energy Review 2012;6:28-30.

[2] IEA Task 38. Solar Air-Conditioning and Refrigeration. http://www.iea-shc.org/task38/

[3] IEA Task 48. Quality assurance and support measures for solar cooling. http://www.iea-shc.org/task48/

[4] American Insitute of Aeronautics and Astronautics, Guide for the verification and validation of computational fluid

dynamics simulations.



Matteo D’Antoni et al. / Energy Procedia 30 (2012) 551 — 561

[5] ASME Comittee on V&V. Guide for verification and validation in computational solid mechnics. American Society of
Mechnical Engineers ASME, 2003.

[6] Thacker B.H., Doebling S.W., Hemez F.M., Anderson M.C., Pepin J.E., Rodriguez E.A. Concepts of model verification
and validation. Los Alamos National Laboratory, Report LA-14167-MS, 2004.

[7] Sargent R.G. Verification and validation of simulation models. In Proc.: Winter Simulation Conference, Baltimore, MD,
2010.

[8] Balci O. Credibility assemments of simulation results: The state of the art. Technical Report TR-86-31. Virginia
Polythechnic Institute and State University, Blacksburg VA, 1986.

[91 D’Antoni M., Bettoni D., Fedrizzi R., Sparber W. Parametric analysis of a novel Solar Combi+ configuration for
commercialization. In Proc.: 4th International Air-Conditioning, Larnaka, Cyprus, 2011.

[10] Fabricatore M., Lantschner E., Bettoni D., D’Antoni M., Fedrizzi R. Design and numerical analysis for standardized
control box for small scale Solar Combi+ applications. In Proc.: 48th International Conference AiCARR, Baveno, Italy, 2011.

[11] Kaplan M., Canner P. Guidelines for energy simulation of commercial buildings. Bonneville Power Administration, 1992.

[12] Bales C. Parameter identification manual for Trnsys model at SERC. Hogskolan Dalarna, 2011.

[13] Murray-Smith D.J. Methods for external validation of continuos system simulation models: a review. Mathematical and
Computer Modelling of Dynamical Systems 1998;4:5-31.

[14] IEC 61400-12-1:2005. Wind turbines — Part 12-1: Power performance measurements of electricity producing wind turbines

[15] Kleijinen J.P.C. Theory and Methodology. Verification and validation of simulation models. European Journal of
Operational Research 1995;82:145-162.

[16] White A.S., Sinclair R. Quantitative validation techniques data base (I). Simple example. Simulation Modeling Practice
and Theory 2004;12:451-473.

[17] Theil H. Economic forecasting and policy. North Holland, Amsterdam, 1970.

[18] Dahm J., Bales C., Lorenz K., Dalenbick J.-O. “Evaluation of storage configurations with internal heat exchangers”. Solar
Energy 1998;62(6):407-417.

[19] Logie W., Frank E. Potential improvement in the design of immersed heat exchangers. ISES Solar World Congress,
Johanessburg, 2009.

[20] CEN/TS 12977-4:2010. Thermal solar systems and components — Custom built systems — Part 4: Performance test methods
for solar combistores.

[21] Driick H. Trnsys Type 340. Multiport Store- Model, version 1.99F. ITW Stuttgart University, Germany, 2006.

[22] Klein S.A. et al. Trnsys 17. A transient simulation program. Solar Energy Laboratory, Univeristy of Wisconsin, Madison,
2006.

561



