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Figure B1. Distribution of the inputs for flood susceptibility for the 23 reviewed papers. The inputs are categorized in topographical, meteo-

rological, geographical, geological, and anthropogenic factors. Inputs which were considered only once were discarded from this graph.

Abbreviations: CI = Convergence Index; CN = Curve Number; DD = Drainage Density; DEM = Digital Elevation Model; DRI = Distance

from Rivers; DRO = Distance from Roads; FAV = Flow Accumulation Value; NDVI = Normalized Difference Vegetation Index; SPI =

Stream Power Index; STI = Sediment Transport Index; TWI = Topographic Wetness Index

Appendix C: Reviewed papers

Table C1: A brief description of the reviewed papers, following the same ordering as in Table 2.

Reference Brief description

Li et al. (2015) A MLP combined with genetic algorithm is used for super-resolution mapping of wetland inundation. Images are taken

from Landsat remote sensing for two areas, in China and Australia.

Li et al. (2016a) A MLP optimized with particle swarm optimization is used for super-resolution mapping. Images are taken from Landsat

remote sensing for two areas, in China and Australia.

Nogueira et al. (2017) Satellite image patches, collected from eight flooding events, are classified in flooded and non flooded areas using a CNN.

Gebrehiwot et al. (2019) A set of images taken from unmanned aerial vehicles is used for flood inundation mapping using a CNN. The dataset is

composed by three study areas in North Carolina, USA, with a total of 100 images.

Ichim and Popescu (2020) A combination of five different CNN based models is used for flood inundation mapping. A set of 2000 images derived

from UAVs in a Romanian rural region is classified into flooded, vegetation and non-flooded areas.

Hou et al. (2021) A flood propagation experiment in a small scale laboratory is used to develop a CNN model for inundation mapping. The

dataset is composed by a sequence of 1930 images detected from cameras.

Hashemi-Beni and Gebrehiwot (2021) A encoder-decoder CNN is developed for flood inundation mapping. The study area is the same as Gebrehiwot et al. (2019).

Wieland and Martinis (2019) A encoder-decoder CNN model is trained to identify five classes (water, land, snow, shadow, cloud) from Landsat and

Sentinel-2 satellite images.

Kang et al. (2018) A CNN model is developed for flood detection from satellite images for three study areas in China.

Sarker et al. (2019) A CNN model is trained to predict flood extent from Landsat satellite images across Australia.

Nemni et al. (2020) A CNN model is trained to predict flood extent from Sentinel-1 SAR imagery. The United Nations Satellite Centre (UN-

OSAT) flood dataset, which covers flood events from Africa and East Asia, is used for the model development.

Isikdogan et al. (2017) A CNN model is trained to identify five classes (water, land, snow, shadow, cloud) from Landsat satellite images.

Amini (2010) High-resolution images are classified into five categories with a MLP. The study area is located in a Iranian city.


