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Fig. 1: Data inclusion, exclusion and validation splits.
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Fig. 2: Architectures of EczemalNet, baselines and ablations.
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Fig.3: SASSAD prediction. A) RMSE (mean + 1 standard error over cross-
validation across models. B) Calibration of highest density prediction intervals

(coverage).
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Fig.4: TISS prediction. A) RMSE (mean + 1 standard error over cross-
validation) across models. B) Calibration of highest density prediction intervals

(coverage).
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Fig.5: Base architecture comparisons. RMSE (mean + 1 standard error over
cross-validation) on EASI across models.



